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This article discusses one of the myths and 
the new realities of risk sharing. The myth 
is that risk sharing contracts are costly 
and demand more information than debt 

based contracts. The reality is that risk sharing 
contracts are incentive-compatible contract 
because there is an incentive structure in place 
to elicit truth-telling, trust, cooperation, hard 
Ü�À�]� >�`� ivwV�i�VÞ� ��� ÀiÃ�ÕÀVi� �>�>}i�i�ÌÆ�
factors that could not be written into contracts 
and enforced. Hence, these contracts attenuate 
V��À`��>Ì����«À�L�i��>�`���«À�Ûi�Ì�i�ivwV�i�VÞ�

of outcomes. Without this incentive structure, 
there are considerable transaction, monitoring 
and enforcement costs involved in designing 
and implementing contracts. The new realities of 
platform’s network effects, big data and machine 
learning which can equip decision makers, 
contractual parties and investors with informed 
decision making tools and valuable insights that 
can identify new sources of value that have never 
been visible before. This not only reduces the 
higher risk associated with equity investment 
as perceived by market participants, but also 
creates shared value in micro, small and medium 
enterprises (MSMEs).
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NETWORK ORCHESTRATOR ARE RARE, 
DESPITE SUPERIOR PERFORMANCE
S&P 500 BUSINESS MODEL COMPOSITION, 
AS OF NOVEMBER 2013
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In principle, risk sharing can create shared value in 
w�>�Vi�Ì�À�Õ}��£®�Ì>���}�̀ �vviÀi�Ì�ÃÌ>ÌiÃ��v��>ÌÕÀi�
into account; 2) humanising and democratising 
�v�w�>�ViÆ�>�`�Î®�`iÃ�}���v���v�À�>Ì����Ã�>À��}�
systems for wider-access to information on low-
cost basis. First, the essence of risk sharing 
derives from the imperative of taking different 
states of nature into account, not all of which are 
necessarily favourable and connected to positive 
ÀiÌÕÀ�Ã°�����Ã�>��V�w�>�Vi]�Ì�i�ÀiÌÕÀ�����V>«�Ì>���Ã�
determined on ex-post basis, which implies that 
future payoffs on contingent claims are function 
of variables in the real economy. It is the intrinsic 
��ÌiÀ`i«i�`i�V�iÃ�LiÌÜii��Ì��i]�V>Ã��y�ÜÃ�>�`�
À�Ã�Ã�Ì�>Ì�v�ÀVi�vÕÌÕÀi�V>Ã��y�ÜÃ�Ì��Li�̀ iw�i`�LÞ�
economic activities under a world of uncertainty. 
-iV��`]� Ü�iÀi>Ã� `i��VÀ>Ì�â��}� w�>�Vi��i>�Ã�
the extension of the principles of risk management 
Ì��Li�iwÌ�>���Ãi}�i�ÌÃ��v�Ì�i�Ã�V�iÌÞ]��Õ�>��â��}�
w�>�Vi� ��Û��ÛiÃ� Ì�i� ÕÃi� �v� Û>À��ÕÃ� LÀ>�V�iÃ�
of cognitive science to improve “human-
v>VÌ�ÀÃ� w�>�V�>�� i�}��iiÀ��}°»� /�ÕÃ]� w�>�V�>��
����Û>Ì���� Ã��Õ�`�Li�iwÌ�«i�«�i�>Ì� >��� ��V��i�
levels, providing insurance against systematic 
risks and idiosyncratic risks associated with the 
vicissitudes of earning a living, as also argued by 
Shiller (2003). Third, the design of information-
sharing systems for wider access to information 
on low-cost basis, ensuring affordability or free 
access to poorer households and micro and small 
i�ÌiÀ«À�ÃiÃ°� ���>�V�>�� ��V�ÕÃ���� �Ã� ��Ì� V��w�i`�
Ì��>VViÃÃ�Ì��w�>�V�>��ÃiÀÛ�ViÃÆ� �Ì�Ã��Õ�`���V�Õ`i�
also access to timely and accurate information, 
which is essential to promote participation into 
equity and platform markets on informed basis 
(Maghrebi & Mirakhor, 2015). In what follows, 
two new realities (i.e. platform businesses and 
big data machine learning) in which the above 
can be operationalised in a more democratised 
>�`�Ã�>Ài`�w�>�V�>��iV�ÃÞÃÌi��>Ài�`�ÃVÕÃÃi`°

The network effects of platform 
There are four broad categories of companies: 
asset builders (e.g. Ford and Walmart), 
service providers (e.g. Deloitte, Linklaters), 
technology creators (e.g. Microsoft), and 
network orchestrators (platform businesses, 
cloud, analytics, social networks, Internet of 
Things, and mobile technologies). A research in 
Harvard Business Review suggests that network 
�ÀV�iÃÌÀ>Ì�ÀÃ�>Ài�Ì�i���ÃÌ�ivwV�i�Ì�Û>�Õi�VÀi>Ì�ÀÃ]�
having a market multiplier (relationship between 
>�wÀ�½Ã��>À�iÌ�Û>�Õ>Ì����>�`��ÌÃ�«À�Vi�Ì��i>À���}Ã�
ratio) of 8.2 as compared with 4.8 for technology 
creators, 2.6 for service providers, and 2.0 for 
asset builders (Libert et al., 2014). Central to the 
competitive advantage of platform businesses 

�Ã�Ì�i�À�«�Ã�Ì�Ûi��iÌÜ�À��ivviVÌÃ�q�Ì�i�º>L���ÌÞ��v�
a large, well-managed platform community to 
«À�`ÕVi� Ã�}��wV>�Ì� Û>�Õi� v�À� i>V�� ÕÃiÀ� �v� Ì�i�
«�>Ìv�À�»�*>À�iÀ�iÌ�>�°]�Óä£È®°�"À}>��â>Ì���Ã����i�
Uber, Dropbox, Airbnb, Facebook and Upwork 
are valuable because of the participation of 
communities rather than their cost structure 
(capital, machinery or human resources). Financial 
`>Ì>� >���i� �Ã� ��� ���}iÀ� ÃÕvwV�i�Ì� Ì�� «ÀiÃi�Ì�
the true value and real growth of a business as 
approximately 80% of corporate market value 
is generated by intangible and unreported 
º>ÃÃiÌÃ»��i���ÌÌi]�Óä£{Æ��iÃÌiÀ]�£�n{®°�
In essence, platform business is a risk sharing 
business that creates shared value among 
customers, employees, partners, suppliers, and 
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investors. Platforms are becoming an important 
business and organisational model that “creates 
value through leveraging unique information, 
and by orchestrating value generation by network 
participants” (Deloitte, 2014). It is transforming 
a range of economic and social arenas, from 
w�>�Vi�>�`���ÛiÃÌ�i�Ì�Ì��i`ÕV>Ì����>�`�i�iÀ}Þ°�
A platform, according to Parker et al. (2016) in a 
book called “Platform Revolution”, is “a business 
based on enabling value-creating interactions 
between external producers and consumers. 
The platform provides an open, participative 
infrastructure for these interactions and sets 
governance conditions for them. The platform’s 
overarching purpose: to consummate matches 
among users and facilitate the exchange of 
goods, services, or social currency, thereby 
enabling value creation for all participants.” 

Empowered by digital technology and smart 
software tools that connect different types of 
producers and consumers, platform businesses 
disrupts the linear value chain (typically used by 
pipeline businesses) by enabling the co-creation, 
change, exchange, and consumption of value 
in a variety of places and time (a complex value 
matrix). Parker et al. (2016) argue that platforms 
can out-compete pipelines in four ways: 1) 
«�>Ìv�À�Ã� ÃV>�i� ��Ài� ivwV�i�Ì�Þ� LÞ� i�����>Ì��}�
��ivwV�i�Ì� }>Ìi�ii«iÀ� i°}°� Ƃ�>â��½Ã� ���`�i�
platform allows anyone to publish a book based 
on real-time readers’ feedback to determine 
the success or failure of the book. Editors are 
replaced by automatic and massive market 
signals); 2) platforms unlock new sources of value 
creation and supply (e.g. just-in-time inventory 

>�`�wÝi`�V�ÃÌÃ� ��� ÌÀ>`�Ì���>��LÕÃ��iÃÃiÃ� �iÀÌâ]�
hotels) vs. not-even-mine inventory in platforms 
(RelayRides, Airbnb); 3) platforms use data-
based tools to create community feedback 
loops (e.g. Wikipedia built an information source 
comparable to Britannica by leveraging on a 
growing community of contributors); and 4) 
«�>Ìv�À�Ã� ��ÛiÀÌ� Ì�i�wÀ�� Ì�À�Õ}�� Ì�i�Ã��vÌ� vÀ���
internal activities to external activities (e.g. back-
�vwVi� i�ÌiÀ«À�Ãi� ÀiÃ�ÕÀVi� «�>����}� ÃÞÃÌi�Ã��
vÀ��Ì��vwVi�V��ÃÕ�iÀ� Ài�>Ì���Ã��«��>�>}i�i�Ì�
ÃÞÃÌi�Ã� �ÕÌ��v�Ì�i��vwVi� iÝ«iÀ��i�ÌÃ� ÕÃ��}�
social media and big data cloud computing). 
��� w�>�Vi]� Ì�i� Ã��vÌ� �Ã� vÀ��� Ã�>Ài���`iÀ� Û>�Õi�
>�`� `�ÃV�Õ�Ìi`� V>Ã�� y�ÜÃ� �v� >ÃÃiÌÃ� �Ü�i`�

NETWORK ORCHESTRATOR OUTPERFORM

ON REVENUE...
AVERAGE REVENUE COMPOUND ANNUAL 
GROWTH RATE (CAGR) 2010-2012

... AND PROFITS...
AVERAGE RPROFIT MARGIN, 2013
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Adopted from Libert, B., Wind, Y. (Jerry), & Beck, M. (2014). What Airbnb, Uber, and Alibaba Have in Common. Har-
vard Business Review.

Empowered by digital 
technology and smart 
software tools that connect 
different types of producers 
and consumers, platform 
businesses disrupts the linear 
value chain (typically used 
by pipeline businesses) by 
enabling the co-creation, 
change. 
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LÞ� Ì�i� wÀ�� w�>�V�>�� >�`� «�ÞÃ�V>�� V>«�Ì>�®� Ì��
stakeholder value and interactions outside the 
wÀ�� Ã�V�>�� V>«�Ì>�]� �>ÌÕÀ>�� V>«�Ì>�]� Ài«ÕÌ>Ì���>��
capital). Ideas are now produced through 
crowdsourcing rather than in-house experts and 
R&D departments. Global banks also realise 
the potential of crowdsourcing in banking. For 
example, the “RBS Ideas Bank” is an online portal 
for retail banking customers to submit ideas for 
the banks to improve; Santander uses “Better 
Together” where employees are encouraged to 
share their ideas on how the bank can be more 
simple, personal and fair. See also Florman et al. 
Óä£È®�>�`��>Ã�>V�Ì�Óää�®°

Big data and machine learning
While a human can produce more sophisticated 
judgement than an algorithm, humans do not 
have such computing power when faced with 
an average of 4,000 brokerage reports a day 
consisting of 36,000 pages in 53 languages. The 
new reality is that the world is generating around 
2.5 quintillion (2.5 x 1018) bytes of data daily. 
�	��iÃÌ��>ÌiÃ�Ì�>Ì��ä¯��v�Ì�i�`>Ì>����Ì�i�Ü�À�`�
today was created in the last two years. These 
data are derived from diverse sources such as 
psychometrics, telecommunications, weather, 
social media posts, digital pictures and videos, 
purchase transaction records and cell phone 
�*-�Ã�}�>�Ã]�>���}��Ì�iÀÃ°�	�}�`>Ì>��Ã�`iw�i`�
as “high-volume, high-velocity and high-variety 
information assets that demand cost-effective, 
innovative forms of information processing for 
enhanced insight and decision making”.  The 
ubiquity of big data in various business sectors 
and social life has led to the emergence of 
innovative data management technologies and 
>�>�ÞÌ�VÃ� Ì�>Ì� i�>L�iÃ� wÀ�Ã� Ì�� VÀi>Ìi� Ài>��Ì��i�
intelligence from high volumes of “perishable” 
data. For instance, facial recognition technologies 
allow brick-and-mortar retailers to obtain 

��Ìi���}i�Vi�>L�ÕÌ�«ÕÀV�>Ãi�ÌÀ>vwV]�`i��}À>«��V�
«À�w�iÃ� �v� Ì�i�À� VÕÃÌ��iÀÃ]� >�`� Ì�i�À� ���ÃÌ�Ài�
movement patterns. Clickstream empowers 
Ã�>��� >�`� �i`�Õ��Ã�âi`� i�ÌiÀ«À�ÃiÃ� -�Ã®� Ì��
mine massive amount of semi-structured data 
to enhance website designs and to facilitate 
VÕÃÌ���âi`�VÀ�ÃÃ�Ãi����}�
Õ��iÀ]�Óä£äÆ��>�`����
& Haider, 2015).

Big data is of no value if exists in a vacuum. 
/�� Õ���V�� �ÌÃ� Û>�Õi]� wÀ�Ã� ÀiµÕ�Ài� ivwV�i�Ì�
processes to transform voluminous and diverse 
data into meaningful insight for accurate, 
evidence-based decision making. Evidently, 
the unmanageable volume and complexity of 
big data have enhanced the potential of new 
machine learning and deep learning capabilities. 
Systems enabled by machine learning can 
contribute to better customer service, logistics 
management, record keeping and analysis, 
�À� iÛi�� Ì�i� ÜÀ�Ì��}� �v� �iÜÃ� ÃÌ�À�iÃ� �V���ÃiÞ�
& Company, 2016).  In the investment arena, 
large global investment corporations like 
BlackRock are emphasising on “a data-driven, 
ÃV�i�Ì�wV>��Þ� L>Ãi`� >�`� ÌiV�����}�V>��Þ� >Ü>Ài�
research culture” to generate sustainable alpha 
in portfolio management. One area of research 
that has proved valuable is Edmans (2011)’s 
measurement of the impact of employee 
satisfaction on long-run stock performance. Over 
a 25-year period, a value weighted portfolio of 
��ÀÌÕ�i� �>}>â��i½Ã� º£ää� 	iÃÌ� 
��«>��iÃ� Ì��
Work For in America” outperformed industry 
benchmark by 2.1%. As insightful as it could be, 
the research is a backward-looking study of a 
dataset that is only updated once per annum and 
�Ã�����Ìi`�Ì��1-�wÀ�Ã°��À�Ûi��LÞ�L�}�`>Ì>�>�>�ÞÃ�Ã�
and crowdsourcing research, BlackRock used an 
automated “web-scraping” system to examine 
job sites where employees provide feedback on 
thousands of employers across the globe, as well 
as various sources of employee sentiments from 

While a human can produce more 
sophisticated judgment than an algorithm, 

humans do not have such computing 
power when faced with an average of 

4,000 brokerage reports a day consisting of 
36,000 pages in 53 languages.

IBM estimates 
that 90% of the 
data in the world 
today was 
created in the 
last two years.

%LJ�GDWD�LV�GHƓQHG�DV�ŪKLJK�YROXPH��
KLJK�YHORFLW\�DQG�KLJK�YDULHW\�LQIRUPDWLRQ�
DVVHWV�WKDW�GHPDQG�FRVW�HIIHFWLYH��
innovative forms of information processing 
for enhanced insight and decision making‘‘.

The new reality is that 
the world is 

generating around 2.5 
quintillion (2.5 x 1018) 

bytes of data daily.
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social media and blogs. In doing so, employee 
sentiment can be measured on a much broader 
scale in a more timely and comprehensive fashion 
(BlackRock, 2016).

Banks in Europe are also adopting machine 
learning techniques to devise new scoring system 
for clients in retailing and SMEs. Micro-targeted 
models are built to forecast more accurately who 
will cancel service or default on their loans (Pyle 
& Jose, 2015). However, SMEs are still lagging 
behind in the usage of big data analytics (e.g. 
>`�«Ì����À>Ìi�Ü>Ã����Þ�ä°Ó¯����Ì�i�1�����Óä£Ó®°�

��i�>��iÌ�>�°�Óä£È®��`i�Ì�wi`�ÌÜ���>���vi>ÌÕÀiÃ�
that can bridge between SMEs and big data 
>�>�ÞÌ�VÃ\� V��Õ`�>ÀV��ÌiVÌÕÀi� i°}°�Ƃ�>â���7iL�
-iÀÛ�ViÃ]� ��VÀ�Ã�vÌ� ƂâÕÀi� >�`� ���}�i� 
��Õ`�
DataLab) and open source Big Data Analytics 
(e.g. Hadoop). Through cloud computing, 
SMEs can have an on-demand network access 
Ì�� >� Ã�>Ài`� «���� �v� V��w}ÕÀ>L�i� V��«ÕÌ��}�
ÀiÃ�ÕÀViÃ°����>�ÀiÃi>ÀV�����Ì�i�v>VÌ�ÀÃ���yÕi�V��}�
the cloud usage by SMEs in Singapore, Malaysia 
and India, Gupta et al. (2013) revealed that ease 
of use and convenience is the biggest favourable 
factor followed by security and privacy and 
then cost reduction. The fourth factor reliability 
is ignored as SMEs do not consider cloud as 
reliable. However, SMEs do not want to use 
cloud for sharing and collaboration and prefer 
their conventional methods for sharing and 
collaborating with their stakeholders. To reap 
Ì�i�vÕ���Li�iwÌÃ��v�L�}�`>Ì>]��Ì��Ã�VÀÕV�>��v�À�-�Ã�
to look within and develop the necessary skills, 
create small interdisciplinary and experimenting 
data teams, develop information governance to 
in sure data quality, security and data ownership. 

New data from sources such as telecommunications, 
utilities, wholesale suppliers, customer purchases, 
and previously ignored data can now be 
��V�À«�À>Ìi`� ���Ü�>Ì� �Ã� ���Ü��LÞ��V���ÃiÞ� >Ã�
the “New Credit-Risk Models for the Unbanked” 
(Baer et al., 2013). For example, data about 
payments received or sent via mobile phone 
are useful proxies for income as well as ability 
to repay. A farmer who regularly accesses 
information about the weather using a mobile 
phone might be expected to have higher crop 
yields. Customers who call large numbers of 
people with regular patterns may be more reliable 
than someone with few connections. In recent 
years, the use of psychometric screening tool has 
«À�Ûi��Ì��Li�ÕÃivÕ�������«À�Û��}�>VViÃÃ�Ì��w�>�Vi�
and entrepreneurial growth in the developing 
world’s “missing middle”. The Entrepreneurial 
Finance Lab (EFL) Research Initiative by the 
Center for International Development at 

Harvard University is a case in point, which has 
“pilot tested various psychometric instruments 
on over 2000 entrepreneurs across Africa and 
Latin America, and currently analysing this data 
to better understand the psychological and 
intellectual drivers of entrepreneurial ability and 
risk of default”. The test provides analysis of 
one’s ability and willingness to repay, through a 
series of questions in a questionnaire, in order 
Ì�� �i>ÃÕÀi� V�>À>VÌiÀ�ÃÌ�VÃ� ���i� V��w`i�Vi]�
autonomy, opportunism, numerical reasoning 
skills and honesty. 

Another recent study published in Decision 
Support Systems found that data mining 
ÌiV���µÕiÃ�>Ài�>L�i�Ì���`i�Ì�vÞ�Ì�i���ÃÌ�«À�wÌ>L�i�
��>�Ã°�Ƃ««�Þ��}�>�«À�wÌ�ÃV�À��}���ÌiÀ�>��À>Ìi��v�
return) as an alternative to credit scoring systems 
in peer-to-peer (P2P) lending, Serrano-Cinca and 
�ÕÌ�jÀÀiâ� �iÌ�� Óä£È®� v�Õ�`�Ì�>Ì�«À�wÌ�ÃV�À��}�
system using multivariate regression outperforms 
the results obtained by using a traditional credit 
scoring system, based on logistic regression. 
�>VÌ�ÀÃ� Ì�>Ì� `iÌiÀ���i� ��>�� «À�wÌ>L���ÌÞ� >�Ã��
differ from factors that determine the probability 
�v�`iv>Õ�Ì°�7���i�Ì�i�w�`��}��Ã�`iÀ�Ûi`�vÀ�����>��
based activities, the prospect of using non-credit 

Psychometric screening 
tools measure future upside 
potential rather than traditional 
risk management tools used 
by banks for debt contracts, 
which only measure downside 
risk. This makes psychometric 
screening particularly well-
ÃÕ�Ìi`�v�À�>�ÌiÀ�>Ì�Ûi�µÕ>Ã�É
micro-equity instruments. 
Such contracts have the 
added advantage that they 
provide positive incentives 
for the investor by having 
them directly share in investee 
success. 

- EFL Research Initiative.
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scoring as well as non-traditional data to assess 
equity based investment is promising.

Concluding remarks
The big data revolution that we are experiencing 
is making it easier to weigh and share risks. 
Sophisticated data analytic tools such as machine 
�i>À���}]��>ÌÕÀ>�� �>�}Õ>}i�«À�ViÃÃ��}]�ÃV�i�Ì�wV�
data visualisation and distributed computing 
are enabling us to map all possible risks and 
unleash potential value for better decision 
making, thus lowering the level of uncertainty 
that strains human’s cognitive power. Risk 
sharing can be further enhanced by leveraging 
the network effects of platform businesses. 
Through open, participative infrastructure for 
the interactions between the capital provider, 
entrepreneur, producer and consumer, platform 
businesses disrupt the linear value chain to 
enable the co-creation, change, exchange, and 
consumption of value in a variety of places and 
time. The challenge remains in ensuring better 
governance, proper protection of retail investors 
and data privacy, the stability of the marketplace, 
as well as fair distribution that is inclusive of the 
small businesses and community at large.
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